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ABSTRACT

The Youtuber Classiticr utilizing image data involves a machine learning model desipred s identify
and categorize YouTubers based on (heir visual characteristics, The classifier operates on jmay
% ~ me ,‘-:

datasets, extracting features and patterns 1o make predictions about the respective YouTuber

catcpory.

_]m? \nnovative approach combines computer vision techniques with machine learning algorithms to
discern distinguishing traits among YouTubers, pnl;miuﬂy cansidering  elements like facial
recognition, channel branding, content typc.s: and more. The model aims to automate the process of
classifying YouTubers, providing insights into the diverse landscape of content creators on (he

platform.
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Chapter 1: Project Overview

1.1 Introduction

2 i R @
Fthrm SRy & gy ramd O

In the era of digital medin, YouTube has bodeane a maseie §
content creators, Witlt millions of videos up‘-m"nl daly, 1t can h« challemging @ pavigae b o cigh
the vast content landscape. The “YouTube Content Creator €l fier” project aions o desciep A
machme leaming model that automatically c'ﬂrgmm"» ared classifies Nf”f""di bt} o 150y

Images
1.2 Objective & Scope

1.2.1 Objective:

The objective of the Y ouTubers Classifier Projeet” 34 to detedop 3 machipe lermng mode? (far
accurately classify and categerize YouTubers bazed on the vieual coment of their imagrs, el
focusing on their profile pictures, video thumimaiis, or any oy relevant visiml elesents

1.2.2 Scape:

The scope of the “YouTubers Classifier Project” encompmsses various aspects, o duding dxa
callection. model development, evaluation, and potential dephoymemt. Key elements of & promes?
scope include:

Data Collection:

Gather a diverse dataset of YouTuber images, inchuding profile pictures aad video fensizaiis
Annotate the dataset with predefined categories ot geres fo facinsie supervised fmrmmz.
Preprocessing:

Extract relevant visal fesures from imzges, considering ofor, composmom. and 0Bz
charactenistics.
Implement techniques to handle v armxmns in image quality, resolation. 2ad style.

Modcl D:vclupmml.

-: Pl

}.oafm,kngrssmnanﬁkmdom forest Classifier, for image i

Tr=in ﬁmmme!mgt&tanmwd dataset to Jeamn patterns and sssocations between visml fostrss
and YouTubers. ‘

Evzloation:

Asxess the model's pﬂfnrmh_m: usis;g meincs like accuracy, precision, recall, and F1 score. Condiscz
thorough testing to ensure the model gcncmhzr:. well to new and uascen YouTuber oS
Imegration vnth Recommendation Sysicm:

Imegrate the YouTubers classifier ino a broader recommendation systan that cooadery user
preferences and viewing, hxsmry '
Implement mechanisms to updztc (he madel periodically to adapt to changing teads.




LY System requirements:

o \Web Drow<or:: Compatibility with modern st ironr e such 2n Chosene Tl
o Inlernet Connection:- A Stahle interngt connellion T0s reai e gorms
e Device Compatibility:- Support for various dovices, Inc futing deshtogs, faptnns, a7
smattphones. 4

& Python

® Open CV

Chapter 2: Literature & Review
2.1 Pxthon )
Python is n lugh-level programming language knowa for it readability and veranlity 103 faoor

. . . « - . . . . P P (e ey TR
fur its simplicity and ease ol use, making ita po-to langunge (05 Varou s SRl atiofis g e

e o

development, data analysis, artificial intelligence, and more. With a rici ¢oosysfem of frrevenes ek

o

fruneworks, Pyvthon simplifies complex tacks and encourages clz=an, efficrent coxfe f1o oy =iz

emiphasizes readobility, which means that even pewcamers find o acuessahfe aml wmferatand i
Overall. Pythom’s popularity stems from s combination of poser. smpinaty, aed o3
communily support.

2.2 Machine Learning

‘Machine lcaming is a subset of antificial intelligence that enables cemputers to leam and maks
-predictions o decisions without explicit programming. It involves creatsng alzonibimrs and medels
T lh.llc;mlmmf rom data; identify patterns, and make predictions or take actrons based oo tha lcamed

-infonmation, hiathmc_]r:nrmngc:!n be categorized into supervised leaming, unsupervised oarminy,

and reinforeement learming.

.=2;33 Ke 'rqﬂtfl “'53’ l'I"\'l[u:m& Machine Learning

chdabd" ly, —

‘ :Pytlmn cm;ﬂmnzzc#'_'”{)dﬁ'madnb:luy with a clear and expressive syntax. This makes it easy for
1 ctcvclom,m wmc mdmnrmam code,

Extensive Smnﬂ:m! L_:b
Myabon comes wilh n“lame smﬁdnrd library that includes modules and packages for vanous tasks,

'-‘rcdum g the niced for exmmnl llbﬁﬂ‘m&; .
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Chapter 3

M Cade

In (1)1

In 12]):
‘OutlJl:
In [3)

out (3l

In |4]2

outl4]:

In [S]:
out(5]:

In (6):

‘Outlclz

 Code & Result

,

import nuspy as np

import cv2

import matplotlid

froa matplotliidb feport pyplot ss pit
teatplotlib inline

feg » cv2, imread . /tect _imdgea/sharapereat, jrg')
irQ.shape

(555, 700, 3)

plt. imshow(ing)

«matplotLib, image,Axesisage ot Ox121a14918»

gray = cv2.cvtColor(img, cv2.COLOR_DGR2GRAY)
groy.shape

(555, 7¢0)

gray

array([[175, 175, 175, ..., 176, 175, 174],
~ [175, 175, 175, ..., 177, 175, 174},
l‘75'175’ 175. LER ] 177. 1?6. 17".
seny i
{84; ‘87, 88, ..., 113, 113, 113],
{88, 89, 99, ..., 113, 113, 113},
193. 91. 9" seny 112. 112. ‘l:ll' dty‘pﬂulﬂla‘

pit. hlshurw-(gra_;rr. cnap=‘gray*)

i ——— e

}<laiplotlib;lnage.lxeslnage ot o::!fochBQOS ”

1 fendimy

[-?.

p‘(."



In 1400 cvd destrayAlingndma()
for fo,79,8,0) i faces)

face_seg < rud.rectangleljeg, (o, yd, (pew, gin), don% 6, 8], 00

tny aray = graylylysh, wiywl

fol_color » faie 18q| iyth, aewewl)

eyes o oeye_invemde deteciNgleitealateni_grayl

tar {ev,ry, tw,Ph) In ryrys

tvdorectanglelrot colnr,(en, ryd lovewa pyeen) (6,75%,8),4)

plt.figurel)
Pit.feahow(Tace_imng, ceape'yray’)
plt.show()

n

100

w04

Abowy cropred image po 2 eyes B Nom which mesns we thedd ignore i bnage sd we ol met oo e imege Ry model ey

In 120): path_te_gata « =, /fataser/”
FAIN_to_cr_data = ", /d3tacet/ cropeed/”

-
4

In (21]: Sepert o3
Arg dirvie ()
tor eatry dn ﬂ.urdlﬂpﬂl u . Staly
it mf".!’ ‘!‘u' <5
lq_‘ln;mﬁfmry'mll

Is IR2)s hq..lm e e

[HH IR l'.ldl!ﬂt!l!tmtﬂ\_ﬂﬂjl' »
' féataset/thavan_bee’,
.fuuutlwsdusmfl'
'sJéataset/ar_beast’,’ "
.ldmmlcrnw!d ..
.Msuut!pndu_’u I

-t -._-.o -l

Go Prough o raages In Catamal fokder 8] Oats empped imees f e, Thare wil b arped fotter e dstanet 43w g8 you han g coce

In 113)1 ispert shati)
i ol.um.ulsmu!a_!ur.llnh
mm.mmmu,u_uﬂm
5. B diripath_to Crestsl ¢
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I 12, frerped_inage diry o ||
FTVIIRery _sacws £ley « ()
for img dir b ey diry:
tonemt w !
m1vN!|‘_l\j-¢ v oiey el epliit 1=
YOuTeba ‘4 _mamed izt ymutpbrot Fees] o ]
121 #etey im ome. N pt diet1mg fir)
W emtry g0 et ) gt metry sama eafiegintl "] Y
ol celar - get_rrnpred [usge 31 ) Ovnrr—!ry ;q'rl
i roa celar Ay eol Namer
tr-em,te\ou  opath Y3 cr B3R & youtebery reewm
17 mot oa.path.enintalr cagped Palder],
ey . madedra ¢ ropred _TordRtd
croposed 1%a0e dist.empef({rorees felfer)
Bri=t [“lmme DY 1oy  remped (RBEed 1a fefdaysT, gremmet_foT )
crepped_tile_npee v ymotwPery Awm o 2 tifroam?) = T (g
Treeoed_tile_path » o3 pITH, Jainicioopes_falaer, tropoed file sesma;
tvi.tmuritelcroores (Lle peth, ol _c2lar)
youtetery mamey _m((t (rhwschery_saee ], sppeantrepped 110 o™
roemy e 3

Crrerating tropewd fuapes in felder; . /2utmret/rroprat tectmicat quesfl
Corarating tropoey (masen (¢ Felowrs /454050 ferprssd pruyms boe
Gererating crooped Inegey I folder: . /Edtpset/evepnsd/Landteey hy*ri~ey’ |
Gererating cropeed tmapes L4 felfer: | /Satpael/¢ropvednr_beyct
Gemeraling tropoed 1mapws Lr Velder) ./€3lscet/crecped/pontio pis

-

Now yow At Reny CoorTE Soiter LW Cxtaoey Gty P oy oD PusTe

Mzl exz=wro coroed et 50 Geivte oy e bragen

fmages In copped tolder can be used for model baining. We will tse Thets 2w Pmages porg o™ asvefe?
tranzformed knages to Uain axr clossifier. LeTs prepare X and y now

Ia 13 X, ye 1L, 11
Tor yoctudery_nowr, trajalsg *iley Lo yoctubert rames €ict.i%em{):

Tor traisimg lmpge in Traieing Tiles:
129 = ovl.iarest(traialsg image)
scalled_row_ e » ol realrelns;, (12, T3
=g Bar = WJSitmy, ce@1,Y)
scalled_tag Bar o (wl.resizeling Rpr, (12, X))
m a n.mrmum\uq_m g, restase (Jielde), 1) scallee e tor, rechape (10w 521000
:.ml&bn_ac'lm.-—ll

1n 11372 lenlxie']
DutiTely 2e%s

12 119): Lielra} o Yleld
=E0s JERE

1o 130]: X[e} )
0:1030)2 arraylll M,

7],
19,

),
tm)
1 il etpeesim -
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2.3 Coaclusion

Our trained model is working wath 80 pervent accurecy & heoed (318 able 10 detoct theimapet of
Youtsber recondingly by given datasess.



